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Learning ability of the conventional simple unit neural networks has shortcomings because

of its long learning time and occurrence of local minima in the learning process.

In order to

avoid the difficulties we proposed hierarchically connected chaotic neurons incorporated in the

neural networks. This system can dynamically adjust a self-feedback parameter of each chaotic

neuron to induce chaotic states at an early stage of learning process and safe states at a

convergence of the learning and stable states at a final stage, respectively.

It is confirmed that the learning ability of the system is remarkably improved than that of

the conventional systems.
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