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Table 3 Numbers of states, distributions (leaf nodes),
and free-parameters for each technique.

#states | techniques #distributions #param.
3 P-DT 6,955 778,960
PS-DT (1) 6,480 (0%) 725,760
PS-DT (2) 6,955 (0%) 778,960
PD-DT 186,596 645,560
PDS-DT (1) | 176,582 (0.25%) 603,842
PDS-DT (2) | 185,743 (0.23%) 644,004
4 P-DT 8,255 924,560
PS-DT (1) 7,584 (0%) 850,080
PS-DT (2) 8,255 (0%) 924,560
PD-DT 233,109 783,912
PDS-DT (1) | 217,633 (0.60%) 722,234
PDS-DT (2) | 234,350 (0.54%) 780,568
5 P-DT 9,322 1,044,064
PS-DT (1) 8,404 (0.93%) | 941,248
PS-DT (2) 9,236 (0.90%) | 1,034,432
PD-DT 272,817 899,424
PDS-DT (1) | 251,260 (2.28%) 814,408
PDS-DT (2) | 275,220 (2.11%) 893,574
(Y%error)
26
o 1 pDT PD-DT
24 ’ [ PS-DT(1) E# PDS-DT(1)
PS-DT(2) HE PDS-DT(2)
22
20
18
16

#states =4

013 00O0ooo
Fig. 13 Recognition experimental results.
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